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What is Eureka?
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How does Eureka work?
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scaled_vcpu_gpu_ratio: The statistical profile of this
feature indicates a pronounced right-skewed
distribution. This distribution pattern reveals that
for the vast majority of samples, the ratio of vCPU

growth to GPU volatility is small and stable. ...
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New Feature Thinking:
The business logic dictates that high GPU
volatility without a corresponding resource
imbalance (i.e., "unexplained" volatility) is a strong
indicator of non-scheduling anomalies (e.g., hardware |
failures). By combining these two features, we can
effectively isolate this pattern of "anomalous
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scaled_vcpu_gpu_ratio Iteration 2 . volatility unexplained by resource allocation" to / | Business Logic: Experts have assessed
gpu_anomaly_acceleratio Iteration 2 \ ' ; JhaT it possesses strong business logic.
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The process of obtaining high-quality features in EGS scenarios

Experimental Results

Eureka performs strongly across multiple datasets: Methods Rank:

Avg. Rank
Method Adult Bank Blood Credit Diabetes Heart Myocardial EGS cwekacpiso | [ N | 22
DFS 0.915 0.897 0.637 0.707 0.882 0.921 0.654 0.68  eweegonz| (] o
AutoFE 0.872 0.865 0.735 0.676 0.837 0.903 0.674 0.666 Eureka-32B | ;—-—< 362
OpenFE 0.92 0.923 0.626 0.701 0.817 0.897 0.697 0.658 Eureka-Qwen{ | — 425
TabPFN 0.9 0.904 0.715 0.787 0.888 0.938 0.676 0.694 cAAFE] | ‘ 450
CAAFE 0.901 0.905 0.713 0.797 0.886 0.941 0.686 0.692 mopen] | I 500
FeatLLM 0.894 0.851 0.678 0.743 0.811 0.881 0.663 0.675 ors ,__ | 738
Eureka-Qwen 0.926 0.932 0.738 0.794 0.873 0.926 0.737 0.679 — s
Eureka-32B 0.926 0.932 0.716 0.824 0.884 0.936 0.711 0.688 e ) | e
Eureka-gptdo 0.928 0.934 0.745 0.838 0.881 0.938 0.699 0.699 . _ o
Eureka-grok2 0.928 0.934 0.735 0.815 0.886 0.940 0.719 0.686 ; i ; ; h
Ablation results Quantifiable business impact R
Configuration ROC-AUC(%) A vs Eureka(%) Impact Area Key business metric Improvement Lea n M ore
Eureka 69.97 _- ;)goe;iitcl)?]nal CVZ(:E,:ZS rate of generated 91% Scan for more
w/o Self-Evolving Engine 63.45 -0.52 Demand fulfillment Demand fulfillment rate (top-tier +16% information
w/o Eureka Expert 65.91 -4.06 customers) and contact us!
wfo LLM Factory €3 84 613 Resource efficiency E)esc;lur:fcieon in server migration -33%




